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Abstract: Artificial intelligence-enabled hiring technologies are increasingly used to automate
early recruitment interactions through chatbots and algorithmic screening. However, these sys-
tems frequently produce candidate experiences characterized by dehumanization, impersonali-
ty, and reduced interpersonal regard. This conceptual qualitative synthesis draws on evidence
from organizational psychology, human-computer interaction, and conversational user experience
research to address a critical gap: although Al recruitment tools are commonly evaluated for
operational efficiency, human-centered design principles that protect candidate dignity remain
insufficiently examined. This study introduces a digital empathy approach, a tool-agnostic interac-
tion design that enables recruitment chatbots to convey situational sensitivity and organizational
regard without attributing emotion or judgment to the machine.

Through synthesis of peer-reviewed literature on algorithmic fairness, trust formation, and con-
versational agent design, the approach suggests five core dimensions: transparent process orien-
tation (including role disclosure, rationale statements, and boundary-setting), emotional acknowl-
edgment (non-deceptive normalization of candidate concerns), feedback architecture (structured
updates, time expectations, and explanation boundaries), controlled anthropomorphism (a warm,
professional tone without humanlike identity cues), and repair and escalation mechanisms (clari-
fication prompts, error admissions, and pathways to human contact). Empirical evidence indicates
that candidates often perceive algorithmic assessment as reductionistic and procedurally unjust.
Furthermore, providing explanations enhances perceptions of fairness and recommendation inten-
tions, regardless of the decision-maker s nature. Early interaction quality has a disproportionate
impact on trust due to thin-slice judgment processes and algorithm aversion. The approach sug-
gests actionable guidance for HR practitioners and highlights priorities for experimental valida-
tion, cross-cultural replication, and assessment of chatbot-mediated recruitment outcomes.
Keywords: Al-Enabled Recruitment,; Digital Empathy, Candidate Experience; Dehumanization,
Human-Centered Al

INTRODUCTION

In today’s times, Artificial Intelligence (Al)-enabled hiring technologies structure candidate
identification, screening, and progression from the earliest recruitment stages, often before humans
become involved (Stanley and Aggarwal 2019). In one study, 15 recruiters and HR professionals
reported that organizations use Al hiring software for sourcing and assessment, streamlining can-
didate data processing at every step (Li et al. 2021). Recruitment chatbots, increasingly visible as
distinct tools, not only represent organizations in early recruitment but also strengthen employer
branding — highlighting a shift from traditional interpersonal engagement to automated interac-
tions (Koivunen et al. 2022).

The increasing automation of early recruitment interactions raises a central concern: candidates
may perceive selection processes as impersonal and psychologically degrading, which affects both
their experience and the organization’s reputation. Empirical research shows that individuals of-
ten experience algorithmic and machine-based assessments as “demeaning” and “dehumanizing,”
and that such negative responses encompass more than concerns about accuracy; they reflect per-
ceptions of interpersonal neglect (Lee 2018). Experimental studies confirm that digital interview
formats (such as asynchronous recorded responses) are perceived as “creepier” and “less person-
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al” than traditional videoconference interviews and provoke privacy concerns (Langer, Konig, and
Krause 2017). The cumulative effect of perceived impersonality is a reduction in organizational
attractiveness and trust, as algorithmic screening heightens perceptions of cost-cutting, exploitation,
and diminished ethical standards (Koch-Bayram and Kaibel 2023; Yan et al. 2023).

Although Al has rapidly diffused into recruitment, both academic and practical work have
mostly prioritized operational optimization rather than designing hiring interactions that address
perceptions of impersonality or diminished candidate worth. Reviews show that recruitment Al
is predominantly assessed for efficiency gains — with benefits mostly discussed from an organi-
zational perspective — while the consequences for candidates remain underexplored (Mori et al.
2024). Despite growing adoption of recruitment bots, research on human-centered design for can-
didate-facing interactions is limited (Akram 2023). This gap is exacerbated by the inherent opacity
of algorithmic HRM, leading to increased calls for transparency and explainability (Meijerink et
al. 2021). The overarching challenge is therefore not just technical: it is to design Al-driven candi-
date interfaces that explicitly communicate procedural clarity and organizational regard, address-
ing dehumanization concerns rather than simply processing applications.

In the present study, digital empathy is defined as a candidate-facing interaction design ori-
entation in which a chatbot communicates situational sensitivity and interpersonal regard through
language, pacing, and supportive conversational moves, while avoiding any implication that the
system possesses emotions or human judgment. This framing is aligned with work on comput-
er-mediated empathy, which conceptualizes empathic interaction as a sequential process involving
the transmission of socio-emotional signals, the experience and conveyance of empathy, and the
recipient’s perception of empathic intent, while stressing that reduced access to non-verbal cues in
mediated settings necessitates adapted communicative strategies (De Coninck and Emmers 2023).
Trust in Al-mediated hiring is treated as applicants’ evaluative confidence in the system and the
process it represents (Lee 2018). Transparency denotes the clarity with which the system com-
municates what it is doing, why it is doing it, and what the candidate can reasonably expect next
(Meijerink et al. 2021). Anthropomorphic cues are design features that signal human likeness; a
taxonomy distinguishes these social cues into verbal, visual, auditory, and invisible categories
(Feine et al. 2019). Finally, meaningful feedback is conceptualized as informational justice, in
which explanations shape individuals’ responses to procedures and decisions (Colquitt et al. 2001).

This study aims to clarify how the design of recruitment chatbots can mitigate dehumanization
by creating a framework that preserves procedural efficiency while enhancing candidates’ trust and
interpersonal regard. Guided by evidence that algorithmic decision-making often undermines trust
and organizational appeal (Lee 2018), and by models of conversational agent social cues (Feine et
al. 2019), the framework addresses three core questions: (1) How do recruitment chatbot design
choices affect perceived trust and organizational attractiveness in early interactions? (2) Which
combinations of transparency, social cues, and feedback are best suited to protect candidate dignity
in Al hiring?, and (3) How can these elements be integrated into a user experience (UX) model that
supports both operational needs and candidate well-being?

RESEARCH METHODOLOGY

Rather than using an experimental or field-based design, this study follows a conceptual qual-
itative synthesis. The aim is to integrate evidence from organizational psychology — including
applicant reactions, fairness perceptions, and trust-related evaluations — with research on conver-
sational user experience (UX) to inform design principles for recruitment chatbots. This approach
aligns with the suggestion that systematic, transparent literature reviews qualify as a distinct re-
search method, especially in fragmented, interdisciplinary fields. While narrative reviews often
attract criticism for their ad hoc methodology and lack of rigor (Snyder 2019), this synthesis pri-
oritizes systematic evidential links between source material and the conceptual framework. Using
thematic synthesis procedures, the analysis moves from open coding to the creation of descriptive
and, finally, analytical themes (Thomas and Harden 2008). Ultimately, the result is a tool-agnostic
framework grounded in patterns from literature, not in primary-data causal claims.
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Evidence spans multiple disciplines, such as human resource management, organizational behav-
ior, applied psychology, information systems, and human-computer interaction. Searches took place
in both multidisciplinary and domain-specific databases — examples include Scopus, Web of Science,
PsycINFO, ABI/INFORM, ACM Digital Library, and IEEE Xplore — using search terms relating to
recruitment (e.g., hiring, selection, applicant), Al-enabled decision-making (e.g., algorithmic, auto-
mated), conversational interfaces (e.g., chatbot, conversational agent), and candidate experience con-
structs (e.g., fairness perceptions, trust, transparency, feedback). Inclusion required peer-reviewed ar-
ticles (empirical studies or high-quality reviews) examining candidate interaction with Al-mediated
recruitment or selection procedures. Papers needed to report psychologically relevant outcomes (like
applicant reactions, fairness perceptions, or trust-related evaluations) and/or design-relevant findings
for conversational interfaces. Purely technical papers without human or stakeholder evaluation, and
studies irrelevant to recruitment, were excluded unless they directly contributed transferable conver-
sational agent design principles. Reporting conformed to current guidance that stresses transparent
documentation of identification and selection procedures (Page et al. 2021).

The analytic process employed a thematic synthesis approach, beginning with open coding
of relevant text from eligible papers, followed by consolidation into descriptive themes, and cul-
minating in the development of higher-order analytical themes to inform framework construction
(Thomas and Harden 2008). Data extraction focused on two primary areas: (i) candidate-expe-
rience mechanisms identified in the literature (such as perceived interpersonal regard, dignity,
fairness-related evaluations, and trust-relevant judgments) and (i1) design-relevant interaction fea-
tures of conversational systems (including social cues, feedback practices, and error recovery).
These themes were then organized into framework dimensions by grouping recurring patterns and
specifying how particular conversational features are theorized to influence candidate experience
outcomes, ensuring traceability between framework claims and the supporting evidence.

The ,thin-slice’ perspective was applied to emphasize the diagnostic importance of early con-
versational moments from the candidate’s viewpoint. Meta-analytic evidence indicates that judg-
ments and predictions based on brief observations of expressive behavior (less than 5 minutes) are
reliably accurate, with longer observation periods offering no significant improvement; predictions
from observations under 30 seconds are comparable to those from 4- to 5-minute intervals (Am-
bady and Rosenthal 1992). Consequently, the framework designates opening behaviors, expecta-
tion-setting, acknowledgment, repair moves, and escalation options as critical impression-forming
segments that require explicit design attention.

RESULTS

In chatbot-mediated recruitment, candidate experiences of dehumanization are commonly ac-
tivated by interaction cues that are interpreted as evidence that the organization is evaluating the
person in a reductive, impersonal manner. A prominent mechanism concerns perceived reduction-
ism, namely the sense that the evaluation reduces the applicant into quantifiable indicators while
removing context (Newman et al. 2020). Experimental evidence in HR decision settings shows
that algorithmic decisions are perceived as less fair than equivalent human decisions and that
perceptions of reductionism influence this adverse fairness effect (Newman et al. 2020). When
operationalized through a chatbot interface, these cues may be conveyed through rigid scripts,
limited opportunity to elaborate, and minimal acknowledgement of situational context, which can
be interpreted as low interpersonal regard.

A second trigger concerns opacity and informational absence, particularly when candidates re-
ceive decisions or process updates without meaningful explanation or feedback. In vignette-based
personnel selection scenarios, participants who received explanations reported increased percep-
tions of procedural fairness, outcome fairness, interpersonal treatment, and intention to recom-
mend; these positive effects were observed regardless of whether the decision-maker was Al or
human (Malin et al. 2025). In practice, the absence of explanation can therefore operate as an
interactional cue that the process is indifferent to candidate dignity.

Finally, tone mismatches can evoke dehumanization in both directions. Anthropomorphic cues
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and human-like conversational features have been associated with higher perceived social pres-
ence, satisfaction, and trust in chatbot interactions (Chen et al. 2023), yet increased humanization
has also been shown to elevate eeriness and reduce trust and behavioral intentions under certain
design conditions (Song and Shin 2024). Together, these findings help specify the interpretive
pathways through which early automated interactions can be experienced as dehumanizing.

In organizational research, trust can be conceptualized as an evaluative stance grounded in
perceptions of the trustee’s ability (competence), integrity (adherence to acceptable principles),
and benevolence (orientation toward the trustor’s welfare) (Mayer, Davis, and Schoorman 1995).
In Al contexts, trust formation is shaped by how the system is represented and what it is perceived
to be capable of doing. A review of empirical research indicated that trust development is influ-
enced by the form of Al representation (e.g., virtual agents vs. robots) and the perceived sophis-
tication of its intelligence, with Al anthropomorphism being especially important for emotional
trust (Glikson and Woolley 2020).

Candidate trust is further influenced by the system’s observed performance and by how errors
are interpreted. Experimental evidence on “algorithm aversion” demonstrates that individuals tend
to lose confidence in algorithmic forecasters more rapidly than in human forecasters after observ-
ing comparable mistakes, even when the algorithm performs better overall (Dietvorst, Simmons,
and Massey 2015). This dynamic renders early interaction quality salient because initial experi-
ences can disproportionately affect subsequent acceptance.

Consistent with thin-slice research, judgments based on brief observations can show reliable pre-
dictive accuracy, with longer exposure not necessarily improving accuracy (Ambady and Rosenthal
1992). In candidate-facing conversational systems, early signals conveyed through tone, clarity, and
responsiveness therefore function as rapid impression inputs. Experimental work with chatbots in
service encounters indicates that anthropomorphic design cues and agency framing alter perceived
social presence and, in turn, influence company-related outcomes such as emotional connection
(Araujo 2018), while candidate attitudes toward Al-enabled application processes and organizations
using them are strongly associated with intentions to apply (van Esch, Black, and Arli 2020).

The digital empathy framework addresses candidate-experience risks in automated recruit-
ment by providing a coherent interaction specification for chatbots. It conceptualizes empathic
qualities as outcomes of communicative choices rather than indicators of machine emotion and
prioritizes design strategies that safeguard candidate dignity while maintaining the efficiency and
standardization that drive automation.

A transparent process orientation provides the interaction’s structural integrity by making the
chatbot’s role and logic legible at the point of use. In dialogue, this looks like brief, timely dis-
closures that prevent candidates from having to guess the system’s purpose: “I’m an automated
recruitment assistant supporting early-stage screening,” followed by rationale statements tethered
to each request, such as “I’m asking about your notice period to plan interview scheduling,” and
clear boundary-setting, for example “I cannot make hiring decisions; the recruitment team reviews
outcomes.” The risk of weak transparency is not merely confusion, but adverse inference: when
the system withholds reasons or next steps, candidates may interpret ambiguity as organizational
indifference, which could lead to lower intentions to recommend the organization (Malin et al.
2025).

Within this clarity scaffold, emotional acknowledgement should be present but non-decep-
tive. Because mediated interactions constrain non-verbal cues, socio-emotional signaling requires
deliberate adaptation (De Coninck and Emmers 2023). In practice, the chatbot can normalize un-
certainty without implying personhood: “Job searching can be stressful; I will keep the steps clear
and concise,” or “If a question feels unclear, tell me, and I’1l rephrase.” The failure mode here is
performative pseudo-empathy (“I care about you,” “I’m rooting for you”), which risks being expe-
rienced as manipulative precisely because the system cannot genuinely hold such states.

A feedback architecture sustains dignity over time by preventing silence from functioning as
a signal. In dialogue, it should deliver structured updates (““Application received”), time expec-
tations (“You will receive an update within five working days”), and explanation boundaries (“I
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can describe the stages and timelines, but I cannot disclose individual scoring or internal deliber-
ations”), paired with immediate scaffolding (“Next, you can select an interview slot here”). This
dimension is grounded in the logic of informational justice (Colquitt et al. 2001). Poor implemen-
tation creates the opposite effect: vague reassurance (““We’ll be in touch soon’) and non-answers
to predictable questions can be read as disregard.

Controlled anthropomorphism specifies how the chatbot should feel human-compatible with-
out claiming human identity. A practical implementation uses warm, professional language and re-
spectful pacing (“Thanks, I’ve noted that. Next question”), while avoiding humanlike identity cues
that invite mistaken inferences (for example, a personal name or avatar that is not clearly disclosed
as an Al assistant). The design vocabulary for these choices is well established: social cues in con-
versational agents can be classified across verbal, visual, auditory, and invisible categories (Feine
et al. 2019). Empirical evidence also indicates that human-like cues and agency framing influence
social presence and evaluations of the conversational agent and the company (Araujo 2018). The
risk is miscalibration: increased humanization can elevate eeriness and reduce trust and behavioral
intentions in chatbot interactions (Song and Shin 2024).

Finally, repair and escalation mechanisms protect psychological safety when interactions fail.
User research has documented a persistent gap between expectations and the actual capabilities of
conversational agents, which can produce frustration and breakdowns (Luger and Sellen 2016).
Accordingly, the chatbot should include clarification prompts (“Did you mean X or Y?”), transpar-
ent error admissions (“I may have misunderstood; let me restate”), and clearly signposted routes
to human contact when stakes rise, or ambiguity persists (“If you prefer, I can connect you to a
recruiter by email”). This is especially important because confidence in algorithms can deteriorate
rapidly after users observe errors, even when algorithmic performance is strong overall (Dietvorst,
Simmons, and Massey 2015).

CONCLUSION

This study argues that recruitment chatbots designed primarily for transactional efficiency may
inadvertently undermine candidate trust by conveying cues of dehumanization, even when efficiency
is the primary objective. Specifically, candidates’ negative evaluations often stem from the perception
that automated assessment is reductionistic, prioritizing quantification over contextual understand-
ing, which has been shown to reduce perceptions of procedural justice in algorithmic HR decisions
(Newman et al. 2020). The synthesis further demonstrates that candidate-facing information design
is a critical lever: in personnel-selection vignettes, providing explanations is associated with more
favorable perceptions of fairness, improved interpersonal treatment, and stronger organizational rec-
ommendation intentions, regardless of whether decisions are attributed to Al or humans (Malin et al.
2025). In response, this study introduces a digital empathy approach that outlines how chatbots can
maintain candidate dignity and clarity while avoiding procedural inefficiencies.

For human resources and talent acquisition, the approach suggests that recruitment chatbots
should be managed as candidate-facing organizational representatives with measurable employ-
er-brand implications, rather than as purely administrative intake tools. Experimental evidence
shows that algorithmic personnel selection can increase applicants’ perceptions that the organiza-
tion is motivated by cost reduction or exploitation, thereby reducing organizational attractiveness.
These reputational effects extend beyond applicants, as algorithm-based HR decision-making has
also been shown to prompt more negative consumer inferences about organizational ethicality.
Consequently, governance should formalize transparency standards (including what is disclosed,
when, and in what language), escalation thresholds and pathways to human contact, communica-
tion protocols for empathic yet non-deceptive messaging, and auditable documentation of candi-
date-facing explanations, in line with concerns about opacity and calls for explainability in algo-
rithmic HRM (Meijerink et al. 2021).

As a conceptual qualitative synthesis, this study does not provide causal estimates and should
be regarded as an approach rather than an intervention-evaluative study. The relevance and accepta-
bility of the proposed design levers are likely to differ across industries, job levels, and labor market
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conditions, and may be influenced by cultural norms and legal requirements related to disclosure and
data use. Future research could evaluate the approach through vignette experiments that manipulate
dialogue cues, supplemented by field studies, cross-cultural replications, and accessibility-focused
assessments, such as language simplicity and disability-inclusive interaction design. Additionally,
future research should investigate how varying degrees of algorithmic transparency and anthropo-
morphism affect candidate perceptions in different recruitment settings. Longitudinal studies could
assess whether initial candidate reactions to chatbot-mediated processes persist or evolve through-
out later recruitment stages, and whether specific chatbot design strategies contribute to improved
hiring outcomes, such as diversity or candidate retention. Finally, deep qualitative research could
explore candidate narratives to uncover unanticipated effects or context-specific concerns, thereby
refining the approach’s applicability to real-world organizational practices.
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OT JEXYMAHU3SAIIUATA KbM HUDPPOBATA EMITIATUSA:
OIIUTHT HA KAHAUJATHUTE ITPU HASHAYABAHE HA PABOTA
C IIOMOIITA HA N3KYCTBEH UHTEJIEKT

Peztome: C napacmeawomo uznonzeane na AlI-basupanu mexmnonocuu 6 panHume emanu Ha HAOUpaHemo
Ha NepcoHa, KaHoudamume 4ecmo cnooeiiam, ue ce 4yecmeam oexymanusupauu u pedyyupanu. Hacmo-
AWOMO NPOYUBAHE PA32NeNcOd KaK OU3AUHBIM HA Yambomogeme 3a HADUPAHe HA NEPCOHAL MOdce Od OM-
2080pU HA Me3U ONACEHUs. Ype3 PAMKA 3a OUSUMATHA emnamus. M3non3eatiku KOHYenmyanieH KauecmeeH
CUHme3 Ha aumepamypa om oo1acmma Ha OP2aHuU3ayUOHHAMA NCUXON0USL, 83AUMOOCUCTBUENIO YOBEK —
KOMRIOMbP U YNPAGIeHUemo Ha Yo8ewKume pecypci, npoyuéanemo uoeHmuduyupa 0CHogHume haxmopu,
npeoussUKEauU 0eXyMaHUu3ayus, Kamo 6b3npuemana peoykyus, 1unca Ha npo3spavHocm u HenooxXo0Auu
coyuannu cuenaau. Pesynmamume nokazeam, ue 0ogepuemo 8 Haemanemo Ha paboma ¢ NOMOWma Ha U3-
KYCM6eH UHMeNeKm 3a8Uct 8 201AMA CIeNneH 0m Kauecmeomo Ha NbPEOHAYATHUME 63AUMOOeCEUs, NPU
KOUMo Kpamxume cpewju OKa38am 3HAYUMeIHO GIUSAHUE 6bPXY 6b3NPUSMUAMA 30 NPUSTEKAMETHOCIMA HA
opeaHu3ayuAma u emuyHume CmaHoapmu.

Pamkama npenopvuéa uambomogeme 0a 6v0am NPOEKMUpAHu makd, 4e 0a NOKA36am KOHMEKCMyauiHa
YYECMBUMENHOC U YBadiCeHUe, KAMO ChUye8peMeHHo U30526am 6HYUeHUAMA 3a MawuHHo cv3nanue. T ce
oKycupa 8vpxy nem 0CHO8HU ACNeKMA: NPO3PAYHOC HA NPOYeCd, YeCIHO eMOYUOHATHO NPUSHAHUE, CIPYK-
MypUpana oopamua pv3Ka, OANAHCUPAH AHMPONOMOPPUILM U HAOEHCOHU MeXanuzmu 3a nonpaska. Kamo ce
Gokycupa 6bpxy 00CMOUHCMBOMO HA KAHOUOAMuUMe, d He Camo 8bPXY eqheKmueHoCmma, msi npeoiacd npax-
MUYecKy CMviKU 3a U32padcoane Ha 0ogepue u cnpaseoausocm. IIpoyusanemo sakniouasa, ye uamoomoegeme
mpsb6a 0a Oeticmeam Kamo yCb8bPUEHCMBAHU NPeOCMAasument, 2apanmupawy, ye agmomamusupaomo
Haemane Ha Nepcona NOOKpens Kakmo Ou3sHec yeaume, maxa u 61a20CCmosHUemo Ha KaHouoamume.
Kntouosu dymu: nabupane na nepconan ¢ nomMowma Ha u3KyCmeeH UHMeNeKm, OuSUmanna emMnamusi;
onum Ha Kanouoamume, 0eXyMAHU3AYUs, USKYCMEEH UHMENeKN, OPUEHMUPAH KbM Y08eKd

Ounusep I'toT, 1OKTOpaHT

YHuBepcuteT 1o 6ubnmroTeko3HaHue U MHMOPMAITMOHHN TEXHOJITHU
Codus, bearapus

E-mail: mail513686749@jicloud.com

64



